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1- Greedy Search, 2- A* Search, 3- IDA* Search, 4- MA* Search, 5- SMA* Search, 6- RBFS 7- Hill-climbing,
8- Simulated Annealing, 9- Genetic Algorithm 10-....
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1. Select astarting city.
2. Select the one closest to the current city.
3. Repeat step 2 until all cities have been visited.
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h(n) = estimated cost of the cheapest path from the state at nto agoal state,  f(n) = h(n)
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f(n) = hs.o(n)
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h must be an underestimate of the true optimal cost: ¥h  h(n) <h*(n)
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Memory-conserving variations of A*: IDA*, MA*, SMA*
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h(n) = Euclidean (straight-line) distance from nto goal. s s 53 (5L ) S s ) 3op B :Jto
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h1(n) = number of tiles out of placein n. (S slons) :Jbo
ha(n) = total Manhattan distance (i.e., number of squares from desired location of each tile).
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o hg = number of misplaced tiles V-V g
o hy = sum of distances of tiles to their goal d IDS A A
positions
2 (245 1.79 1.79
6 [2.73 1.34 1.30
12 |2.78(3,644,035) [1.42(227) 1.24 (73)
16 |- 1.45 1.25
20 |- 1.47 1.27
24 |- 1.48 (39,135) |1.26 (1,641)
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